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Traversing varying terrain presents challenges Our approach enables terrain identification W|th ho prior mformatlon
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This enables:

* CLIP Inference for 30-60 images @ 1Hz
« MPPI control @ 120Hz

« Clustering at 1/15 Hz

« Physics-informed Optimization @ 1/10Hz
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Our approach enables zero-shot terrain identification

Terrain Contexts and Corresponding Images

Images are semantically compared to captions in order to generate The physics-informed optimization procedure uses observed control inputs
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